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Simpleperceptron networks:
Easyextensionsof theperceptronalgorithmwhereneuronsaretrainediteratively
with theperceptronlearningalgorithm:
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I.e. in eachrun thenew neuronmaybenefitfrom thecorrectclassification
of thepreviousone.
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I.e. thetop neuronrecruitsspecialistsfor wrongpositive/negative pointsin
eachrun.

� If in theabovealgorithm
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� Ensemples

Train perceptrons' = , . . . , 'QP on
�
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afterwards,trainaperceptron' on theoutputsof the 'SR ,
i.e.
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� Nice ideas,but thereareproblems:

– whento stopthesingleperceptronruns?

– how to divide thetask?

– very slow decreaseof theclassificationerrorfor anincreasingnumber
of neuronsif complicatedtasksaredealtwith.

– wastedneurons.

– strongoverfitting canbeobserved.

� Wewould like to obtainamodelfor automaticlearning

– with efficient trainingalgorithms

– with theuniversalapproximationcapability

– with guaranteedgeneralizationcapability

– andasfew tricksasnecessary;)

V Feedforwardnetworksandbackprop.


